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ÅHuman Machine Team Design

ïDesign of teams from high level metrics 
(Cognitive workload, performance, energy)

Mathematics of low level shared control 
informs all the above



Background to Approach
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Planning as Inference

See: Unfreezing the Robot: Navigation in Dense, Interacting Crowds, IROS 2010; Robot Navigation in Dense Human Crowds: 
the Case for Cooperation, ICRA 2013; and Robot Navigation in Dense Human Crowds: Statistical Models and Experimental 
Studies of Human Robot Cooperation, IJRR 2015 
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